451 B4 41 #
2017 4E 4

TOXK ¥ F R (IFKR)

Journal of Zhejiang University (Engineering Science)

Vol. 51 No. 4
Apr. 2017

DOI: 10. 3785/j. issn. 1008-973X. 2017. 04. 002

E T Wi-Fi B IE#Z K17 A8

FaEHY,
(1. dbmEkz

BRI, E

O 5 5 32 25 11

L BHBY, ERPRAKRY
TR S AR AL 100871, 2, 5K (B AR

, Jb& 100871;

3. dbmRE B4 TREERX TR L, L5 100871

B OE: ERMRREEANREMAEFHERRGE—ELREE

EE T BRI T, B R R A

. A —F RN AR R MBI BN T B, & T Wi-Fi B T4 il A7 iR BB AR B 8 08 — D #T46R R 1 i

B SUR. I R AEE  BER AT 5 AL ST O B R B R 3 2 33 DY A 5 T 4

HRTBRAR. EEERE

AR BT B Y JR A0 A 7 B9 ) A ) et B £ 2 4T M o T BE BT 5T 5 1.

KR AT RIR T s Wi-Fi; ToHEfih =X R 40
hE4S#ES: TP 393 XEER RS A

NEHE: 1008 - 973X(2017)04 - 0648 — 07

Survey on Wi-Fi based contactless activity recognition

WANG Yu-xiang'**

, LI Sheng-jie'’*

, WANG Hao"?, MA Jun-yi'?,

WANG Ya-sha'®, ZHANG Da-qging"**

(1. Key Laboratory of High Confidence Sofrware Technologies, Ministry of Education, Peking University, Beijing

100871, Chinas 2. School of Electronics Engineering and Computer Science, Peking University, Beijing 100871, China;

3. National Engineering Research Center of Software Engineering , Peking University, Beijing 100871, China)

Abstract: Providing accurate information about human’s state and activity is one of the most important

elements in ubiquitous computing. Various applications can be enabled if one’s state and activity can be

recognized. Due to the low deployment cost and non-intrusive sensing nature, Wi-Fi based activity

recognition has become a promising and emerging research area.

The state-of-the-art of the area was

surveyed from four aspects ranging from historical overview, theories and models, key techniques to

applications. In addition to the summary about the principles and achievements of existing work, some

open issues and research directions in this emerging area were presented.
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Fig., 2 Technology framework of Wi-Fi based

activity recognition
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Fig. 3 Summary for Wi-Fi based activity recognition applications
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